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Individual Survival Distribution (ISD) is a @ Calculate individual probability at Aobserved time (iPOT) as the conformity score (stars) of. CSD [2] Lose 26(0) 36(20) 18(7) 35(11)  39(4)
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© Apply the following adjustment for a testing subject with index n + 1, I Number of wins (Number of significant wins with p < 0.05).
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@ Identify the empirical percentiles of the conformity score (lines)
THEORETICAL RESULTS @ Determines the corresponding times on the predicted ISDs that match these empirical percentiles (circles)

Other findings from ablation studies:

e CSD-iPOT requires less space and running time.

© Vertically shift the empirical percentiles to the appropriate height (arrows) . .
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Marginal calibration guar.! X v and conditional calibration.
Conditional calibration guar. X v For a censored subject, we cannot directly calculate conformity score v; oq = Sa(e; | ). e Different values of p have minimal impacts.
Monotonic X v Intuition: given the prior knowledge Su(e; | ®;) ~ Uy}, we update
Harrell discrimination guar. v X the knowledge by Sm(c; | ;) > Sa(e; | ;) and assumption (ii). REFERENCES
Antolini discrimination guar. X v . . .
o Solution: draw R potential conformity scores ~ Z/{[o Sueil)]
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P|: #predefined percentile. A times, for each uncensored subject. to Increase Calibration. ICML 2024




